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B E BAIOTHZ: (A) EAN TYPIXOYME TO NOTHPI ANAMOAA OA

XHOEI TO NEPO. (B) EAN TO EPQTHMA EINAI NOIOL EINAI NOIO METAAOX
1THN HAIKIA TO EITONAKI H H TIATIA, H ATANTHXH EINAI H TIATIA



MpOoPALWn KAIPIK®V oLVONK®V

ITOIXNHATA O€ AYWVEG YOOTIEP PHAPKET

modooPpaipouv : :
PLOIKES KATAOTPOPES

MoAITikn

Kivnon oxnuarwov
XpNUaTioTnPIakeS TTPORAEYEIS
iS1a KapTWV

TpOPA MOANCE®V

10 NAPAAEITMATA XPHXHX
[MTAGANOTHTAY 2TH KAOQHMEPINOTHTA




NMpo XpioToL: Ta Tuxepa malyvidia
nTav SnuogIAn otnv Apxaia EANaéa
Kal Poun, X®PIic va vmapxel
EMOoTNHOVIKNA avanTuén meavov
S10TI TO CLOTNHA APIOU®YV Sgv
S1ELKOALVE TIC AAYEBPIKES TTPAEEIC.
H avanrtuén tng Oewpiag PpacioTnke
OTO APIOUNTIKO CLOTNHUA TV

ApaPayv kai Ivémv Kal avanToxTnke
EXP1 Kal TRV Avayévvnon.

18°¢ Aiwvag: o Jacob Bernoulli
HEAETA emaVAAAUPAVOMEVEG PIYEIC
VOUIOHATWV Kal EI0AYEl TOV
Ol

Daniel Bernoulli,Leibniz, Bayes, kai
Lagrange ouveliopEPOLY onNHAVTIKA
oTn Otwpia, o De Moivre eicayel Thv

Kal amoSeIkvLEl
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19°s Aiovag: O Snuooievel
BiBAio yia Tn ommovdaioTnTa TNG 20°s Aiwvag: H oxeTikn ovxvornta

Otwpiag. O Kal gykaraAeimeral cav Bacikn Evvoia

Xpnoigoroicv Meavornteg yia Kail To a§IOUATIKO oLOTHHA

AOTPOVOUIKES TTPOPAEYEIS. O edSpaimwveral, Tpayga mmov odnyei
SNUooIELEl CLVEICPOPES KAl oTn Aoyikn opOornrta. H Bewpia

TNV 8IKN TOL Karavoun. O mMOAVOTNTWV £XEl EICXWPNOTEI OTNV

KAl ol HadnTEG TOL EMOTAMN KAl HNXAVIKNA KAl EPUNVELEI

Markov Liapunov ; o TOLG TTEPICTOTEPOLG TOTTOLG

~Jo)Y

&
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(¢) Xpnon mapadelyuatwy: AV BEAETE YIQ UTT
TTOIO KOULTI Ba SlaAeyarTe

Example 4-31:

a ball is drawn. Find the probability of selecting a red ball.

MEAETH TI1A TTAIAIA : KEY UNDERSTANDING

Note: This PowerPoint is only a summary and your main source should be the book. g
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=  Wolfram Mathwerld A
Probability Axioms

Given an event £ in a sample space § which is either
finite with A elements or countably infinite with

N = oo elements, then we can write

s=(LL &)

and a quantity P (E;), called the probability of event
E;.is defined such that

10=P(F)=1.
2LP(§)=1.

3. Additivity: P (E, | ) E5)= P (E|) + P (E,), where
E, and 5 are mutually exclusive.

4. Countable additivity: P (||, £;) =31, P (E)

form =1,2, .., Nwhere E, F», ... are mutually
exclusive (i.e, £, M £ = (D).




AEIYHNATIKOG XWPOG

Neyovog { X = x}
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Normal Distribution Formula
Poissomn Distribution Formula

AR

PR = x) =
o

1
J(x)=—F——e€
where o~f2
X =0,1, 2, 3, ...
A = mean number of occurrences in the interval

e = Euler’'s constant =~ 271828 Ad —  IMSAaT of x

o = standard deviation of x
Poisson Distribution (video lesson... = 3.14159 ___

=

onlinemathlearning.com e= 2.T1828 ...

MNormal Distribution (solutions ...
onlinemathlearning.com

pln

Poisson Distribution / Poisson Cur...

statisticshowto.com Normal Distribution and Gaussian
programmathicallyv.com

2 probability images Poisson & probability images Normal

[MEOANOTHTEYX TYXAIQN METABAHTQN
POISSON (AIAKPITH), (ZYNEXHZ




KEVTOIKO OPIAKO
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LOUTTEPACHATOAOYIKN ITATIOTIKN:

Baoiopévn o€ Sciypa mAnOvopoL

Mepiypaikn LTATIOTIKN: EKTIUNON TApApETP®V Seiyuarog Kal

. . . e€aywyn CLUTTEPATHATWY YIA TOV
KaprmroAeg kal covown dedopevav D alals

EKTiunon mapaperpwv Kai S$uadikog

/
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Reason for Rejecting HOA

Claim: the : ! Sampling Distribution of X

o HEHHEN

(Null Hypothesis: Population

- B [l
: random sample
| 1s X=20 likely if u =507

If not likely, - Suppose -“"i“i"“"“\ o I it i 2 | ... then we

the sample | i ;
REJECT mean age Sample [ Ve wou'd reject the null

_ Null Hypothesis is 20: X =20

hypothesis that
. p = 50.
St@ﬂslics for Business and Economics, 6e © 2007 Pearson Education, Inc.

Chap 10-8
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Probably Probability

Understanding the idea of likelihocod

You are more like ly T«
get o pinkk all.

Aana 2 probability irma =
= O =1 |
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Lesson 3: The law of
large numbers

The more times we roll the die, the closer we
will get to the outcome we expected (1/6). We
call that the Law of Large Numbers — even if
you don't get it to come out like you expect with
a few tries, the more you do it, the closer you
will come to the expectation.

Flip a penny 10 times and record how many
times it lands on heads and how many times it
lands on tails. Now flip it 100 times and record
your results.

Did you get closer to a %= ratio the second time?
That's the Law of Large Numbers at work.
Remember, the Law of Large Mumbers tells us
that the more times you repeat an experiment,
the closer the relative frequency will come to
the probability.

aA @ nensaforkids.org <&
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Xpnon ©cwpiacg MBavotNTwy o€ TTIO

TTOOOPATEC EPAPPOYEC OTTWC N TexvNTn
NonuooLvvn ETTI TTOPOOBETA YABNUATIKGWV
AAYOPIBUWY RBEATIOTOTTOINONC.
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TEXNHTH NOHMOZYNH (ARTIFICIAL
INTELLIGENCE)
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